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Baselines:
1.5D = 1.5D algorithm [1]
HP = Hypergraph Partitioning [2] + PETSc SpMV-style (nonblocking)

All algorithms use cuSPARSE CSR kernel, MPICH
Piz Daint, up to 512 GPUs (Nvidia P100)

SuiteSparse Matrix Collection:

Dataset Vertices n &n(A) Max. Degree A
MAWT 226 M 226,196,185 2.12 210,795,477
MAWI 69M 68,863,315 2.08 63,040,326

GenBank 214M 214,005,017 2.17 8
GenBank 68M 67,716,231  2.05 35
WebBase 118M 118,142,155 8.63 816,127

OSM Europe 50,912,018 2.12 13
GAP-twitter 62M 61,578,415 23.85 770,155
sk-2005 51M 50,636,154 38.50 8,563,308 [1] Tripati et al., SC 2020

[2] Mayer et al., IEEE BigData 2018
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Protein Network, 68M rows
Max. degree < 3

. I

By B4

Network Anomalies, 69M rows
Max. degree ~ 63M

By B,

Web Graph, 118M rows

Max. degree ~ 800K
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